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THM. Fix Q > 0 and B > 0. Let Cgreedy(TT) be the worst-case
. cost of the greedy algorithm, using a factorial prior P on variables
Voting elements V = {v1,..., U} Hypotheses H = {hy,... hn} Y1, ...,Yn, until it achieves expected value Q - B. Let OPT. be the

Interactions between voting elements and hypotheses: G = (V, H, ) worst-case cost of the optimal algorithm. It holds that:
Cgreedy < OPTWC( In( Q/B )+1).Moreover, P(F(ya)=Q) = I-p.

TASK: Object detection The Active Detection Framework
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v/ Automatic systems are inaccurate.
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(Upper left) Input image; (Upper right) Response image; (Lower left) Positive coverage; (Lower right) Negative coverage.

Hough forest for pedestrian detection Cyan box: current detection; Red boxes: ground-truth labels of pedestrians;  Green boxes: detections made by the active detector.
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